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Generative Adversarial Network (GAN)
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Generative Adversarial Network (GAN)
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Binary Classifier:
Conv, Leaky RelU,
FC, Sigmoid

New components:
Transposed convolution,
Batch Normalization

Transposed Convolution (Deconvolution)
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Batch Normalization (BN)
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Generative Adversarial Network (GAN)
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GAN on MNIST
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Conditional GAN on MNIST

10/22/18

One-hot label
Deconv Conv, BN, Resh
FC, BN, Deconv Tanh/Sigmoid RelU Conv, BN, eshape,  gc,
Reshape BN, RelU Retu FG BN, sigmoid
A RelU
||> wab > ._ Al gl
100 7x7x16 14x14x8 28x28x1 14x14x8 7x7x16 256 1
\ J
v [N v J
Generator

Discriminator

TensorFlow Implementation of GAN

Run the demo code: (Linux or MacOS)

$ git clone https://github com/carpedm20/DCGAN-tensorflow

$ cd DCGAN-tensorflow

$ pip install tqdm (if you do not have this package)

$ python download.py mnist

$ python main.py --dataset mnist --input_height=28 --output_height=28 --train

TensorFlow Implementation of GAN

* Input: z, image, (label) Training:

* Network: D, G for epoch

* Loss:D,G for batch

* Optimizer: D, G Update D

Update G



https://github.com/carpedm20/DCGAN-tensorflow
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TensorFlow Implementation of GAN

Testing:

Random Generation

Conditional Generation

Interpolation




